From sunblock to softblock: Analyzing the correlates of
neology In published writing and on social media
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Social media (Twitter):

g Published writing (books, magazines): y
oomf, softblock, bever, ...

e-mail, sunblock, sitcom, ...
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Method: Density: log(#neighbours + 1)
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Result: less evidence for demand hypothesis for ¥,
possibly due to creative tendencies in neologism formation
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